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Abstract
Over the last two decades, the analogue report task has become a standard method for measuring the fidelity of visual
representations across research domains including perception, attention, and memory. Despite its widespread use, there has
been no methodical investigation of the different task parameters that might contribute to response variability. To address this
gap, we conducted two experiments manipulating components of a typical analogue report test of memory for colour hue.
We found that human response errors were independently affected by changes in storage and maintenance requirements of
the task, demonstrated by a strong effect of set size even in the absence of a memory delay. In contrast, response variability
remained unaffected by physical size of the colour wheel, implying negligible contribution ofmotor noise to task performance,
or by its chroma radius, highlighting non-uniformity of the standard colour space. Comparing analogue report to a matched
forced-choice task, we found variation in adjustment criterion made a limited contribution to analogue report variability,
becoming meaningful only with low representational noise. Our findings validate the analogue report task as a robust measure
of representational fidelity for most purposes, while also quantifying non-representational sources of noise that would limit
its reliability in specialized settings.
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Dissecting thecomponentsoferror inanalogue
report tasks

The analogue report task (Prinzmetal et al., 1998; Wilken
& Ma, 2004) provides a method of measuring the fidelity
with which humans (and other animals) internally represent
visual information. Typically, the task consists of presenting
one ormore stimuli that vary pseudorandomlywith respect to
a low-level visual feature dimension. The continuum of fea-
tures from which stimuli are selected is commonly chosen to
have the topology of a circle, as e.g. planar orientation, colour
hue, or motion direction. At test, a single target stimulus
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is indicated by a secondary feature (e.g. its location), and
observers are asked to identify the specific report feature
value of that stimulus by selection from the full feature
space (e.g. by clicking on a colour wheel). Repeating such
a procedure across many trials with random stimulus fea-
ture values results in a distribution of response errors that
is approximately symmetric and bell-shaped, and the width
of this distribution can be interpreted as a measure of the
fidelity of internal representations. It has become common
practice to further decompose these response distributions
using mixture models, which attempt to statistically distin-
guish errors attributable to noisy representations of the target,
lapses producing random guesses (Zhang & Luck, 2008)
and intrusions of non-target features (swap errors) (Bays et
al., 2009; McMaster et al., 2022). The ability to quantita-
tively reproduce patterns of error on analogue report tasks
is a widely used criterion for selecting between competing
computational or neural models of internal representation.

Over recent years, studies using variations of this task
have shaped our understanding of cognitive functions includ-
ing visual perception (Bays, 2016; Thibault et al., 2016),
attention (Murray et al., 2013; Tang et al., 2020), sensory
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memory (Pratte, 2018;Tomić&Bays, 2024a),workingmem-
ory (Bays et al., 2009; Fougnie et al., 2012; Schurgin et al.,
2020; van den Berg et al., 2012; Zhang & Luck, 2008), and
long-term memory (Brady et al., 2013; Richter et al., 2016).
Despite its prevalence, a comprehensive study of factors con-
tributing to responses on this task is still lacking.

Responses on the analogue report task are by nature vari-
able, i.e. asking an observer to reproduce the same, clearly
visible stimulus multiple times will not result in identical
responses, but instead produce a distribution of responses in
the vicinity of the stimulus’ true feature value. One com-
ponent of this variability is internal noise arising from the
inherently stochastic process of mapping the external stimu-
lus to an internal representation (Faisal et al., 2008; Tolhurst
et al., 1983). While internal noise sets an upper bound on the
attainable fidelity, its effects can be amplified by manipula-
tions that decrease signal amplitude. In research on working
memory, this can be achieved by increasing the number of
presented stimuli, with numerous studies demonstrating a
monotonic increase in response error variability with set size
(Bays et al., 2009; Ma et al., 2014; Tomić & Bays, 2024a;
van den Berg et al., 2012). Similarly, studies on sensory and
workingmemory have shown that, in addition to noisy encod-
ing, the maintenance of information in the absence of direct
perception introduces additional error in feature reproduc-
tion, with the effect becoming increasingly pronounced with
retention time (Pratte, 2018; Schneegans & Bays, 2018; Shin
et al., 2017).

In otherwise identical psychophysical tasks, performance
is known to vary depending on the stimulus feature being
used (e.g. colour vs. angular location; Tomić & Bays, 2024b)
and in some cases within a stimulus feature depending on the
exact type of visual objects being used (e.g. oriented Gabors
vs. lines; Alvarez & Cavanagh, 2008), or some secondary
characteristic of the stimulus (e.g. the contrast of oriented
Gabors; Bays, 2016; Tomić & Bays, 2018). These obser-
vations emphasize the importance of carefully selecting a
stimulus feature space appropriate for the specific purpose
of testing. In recent years, most applications of the ana-
logue report task have used colour hue, defined as a circle
of constant luminance within CIE Lab space, as the stimu-
lus feature. This decision is strongly influenced by arguments
regarding the perceptual uniformity of CIE Lab space, within
which equal distances between colours are believed to corre-
spond to equal perceptual discriminability. Selecting a circle
of hues in CIE Lab space is then expected to provide a per-
ceptually homogeneous space. On this basis, when hues are
selected from a circle with a reduced radius, they should
become less perceptually discriminable, leading to larger
angular errors in the analogue report task. However, the
impact of specific choices related to the colour space, such

as chroma radius, on reproduction performance in this task
has not yet been empirically investigated.

Estimates of fidelity obtained in the analogue report task
are based on indirect measurements of representational qual-
ity. Commonly, observers are asked to pick a target feature
from a continuous space by, e.g. clicking on a colour wheel
or scrolling through the response space using keyboard keys
or a response dial. In such cases, the selection of a specific
feature can be contaminated by motor noise, due to which
the internally selected feature is imperfectly translated to a
handmovement, resulting in increased variability of response
errors. This source of error has been acknowledged by and
built into computational models of visual processing (Schur-
gin et al., 2020; van denBerg et al., 2012), howeverwe are not
aware of any previous attempt to directly quantify the con-
tribution of motor noise to overall reproduction variability.

Historically, in visual psychophysics, the analogue report
task and its predecessor method of adjustment were used less
often than forced-choice methods (Green & Swets, 1966;
Kingdom & Prins, 2016). One particular reason for that is
that in the continuous report methods, observers have the
freedom to decide when to terminate the adjustment process
(i.e. how similar is “similar enough”), and consequently, this
choice will reflect in the overall distribution of responses.
In particular, an observer with a very liberal criterion when
identifying the target feature, or an unstable criterion that
varies during the task, will produce more variable responses
compared to an observer with the same ability but a more
conservative and stable adjustment criterion. This is differ-
ent from a typical forced-choice method in which observers
are asked to correctly choose between multiple (typically
two) alternatives,while the experimenter determines the limit
to the observers’ accuracy by defining the similarity of the
alternatives. Nevertheless, except for early comparisons of
continuous adjustment and forced-choice methods in the
domain of auditory absolute and difference thresholds (Wier
et al., 1976; Cardozo, 1965), there is little evidence as to
whether the adjustment criterion presents a substantial source
of variability in analogue report.

In the present study, we investigated factors arising both
from limitations of the information processing system and
choices related to the task that might contribute to the overall
variability of report errors and affect estimates of fidelity in
the analogue report task. In two experiments, we used the
analogue report task with colour hue as report feature to sys-
tematically investigate influences of set size, delay, chroma
radius and physical size of the colour wheel on human repro-
duction fidelity under both perceptual and working memory
conditions, and compared results with performance of the
same participants on a matched forced-choice task.
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Methods

Summary of experimental manipulations

In two experiments, two response methods were used to col-
lect observers’ responses (Fig. 1). An analogue report task
was used to collect continuous reproduction of the target
colour, and a 2-AFC task was used to collect binary choices
on the similarity of the target colour and two test colours.
With both response methods (i.e. in the analogue report and
2-AFC task), the chroma (or ‘colourfulness’) of stimuli was
manipulated such that half the trials used a colour wheel
with a small chroma radius (r = 25), and the other half used
a colour wheel with a large chroma radius (r = 50). On an
individual trial, the same colour wheel was used for sampling
the study array colours and in test arrays for sampling foils
and defining response wheels (Fig. 1f).

With both response methods, the test cues were presented
and observers provided responses synchronously or asyn-
chronously with respect to the study array. Specifically, on
synchronous trials, one coloured disc was presented simulta-
neously with the test cue and observers were asked to provide
a response while the stimulus was visible on the screen. On
asynchronous trials, one or four coloured discs were dis-
played, and following their offset, the test cue was presented
indicating the location of the item to be recalled. With the

asynchronous responses, we had two delay conditions: no
delay (i.e. 0-ms delay in Experiment 1; the no-delay exper-
iment) and delay (i.e. 1000 ms in Experiment 2; the delay
experiment). The choice of a 1-s delay in the delay experi-
ment was guided by its typical use in VWM studies (research
examining the effects of different delay durations on ana-
logue recall performance includes (Rademaker et al., 2018;
Schneegans & Bays, 2018; Shin et al., 2017; Tomić & Bays,
2024a).

In the no-delay experiment, in the response phase of the
analogue report task, we manipulated the physical size of the
colour wheel used for responding, such that observers gave
their responses on a physically small (radius 3◦) or large
colour wheel (radius 10◦). While altering the chroma radius
affected the colourfulness of stimuli and response wheels,
altering the physical size of the response wheel did not affect
its colour, making these manipulations conceptually orthog-
onal (Fig. 1f).

Participants

A total of 20 naive observers (ten females, nine males, one
non-binary, age 18–39) took part in the study after giv-
ing informed consent in accordance with the Declaration of
Helsinki. The sample size was determined based on typical

a) b)

d)

f )

c)

e)

Fig. 1 Experimental tasks. Note. (a) Each trial of the study began with
the presentation of a fixation marker followed by a stimulus array con-
sisting of one or four coloured discs. (b) In the synchronous report
condition of the analogue report task, a single presented item remained
visible on the screen during the response, and observers were asked to
identify its colour by clicking with a crosshairs cursor on the colour
wheel. The currently selected colour was presented in a central disc
during the response. (c) In the asynchronous report condition of the
analogue report task, the stimulus array disappeared, and one item was
cued by displaying a ring at the item’s location. In the no-delay experi-
ment, the cue followed the stimulus array immediately, and in the delay

experiment, the array and cue were separated by a 1-s blank display (not
shown here). (d) In the synchronous report 2-AFC task, two coloured
discswere presented at test alongwith the target stimulus, and observers
were required to click on the disc that matched the target hue. (e) In the
asynchronous report 2-AFC task, one item was cued via its location,
and observers were again asked to choose which of the two presented
discs matches the cued item’s hue. (f) Illustration of colour wheels with
large (top) and small (bottom) chroma radii, and large (left) and small
(right) physical sizes. Feedback displays are omitted. Displays are not
to scale
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sample sizes used in studies involving analogous report
tasks (e.g. Bays, 2014; van den Berg et al., 2012; Zhang
& Luck, 2008). All observers reported normal or corrected-
to-normal visual acuity and normal colour vision, and were
remunerated £10 per hour for their participation. Procedures
were approved by the University of Cambridge Psychol-
ogy Research Ethics Committee. Ten observers took part in
Experiment 1 (no-delay experiment), and the remaining ten
observers took part in Experiment 2 (delay experiment).

Stimuli and apparatus

Stimuli were presented on a 69-cm gamma-corrected LCD
monitor (resolution 2560 × 1440) with a refresh rate of 144
Hz. Observers were seated in a dark room and viewed the
monitor at a distance of 60 cm, with their head stabilized by
a forehead and chin rest. Stimulus presentation and response
registration were controlled using MATLAB (The Math-
Works, Inc.) with the Psychophysics Toolbox extensions
(Brainard, 1997; Pelli, 1997). Gaze direction was moni-
tored online at 1000 Hz using an infrared eye tracker (SR
Research). Observers were required to fixate the central fix-
ation point from the beginning of the trial until one stimulus
was cued for reproduction. Any trial on which gaze deviated
> 2 deg from the central dot, prior to the cue, was aborted
and restarted with a new set of stimuli.

Study stimuli consisted of coloured discs (size 1◦ radius)
randomly positioned at one of eight equidistant locations
around the circumference of an imaginary circle (6◦ radius)
centred on a fixation marker (Fig. 1). Disc colours were
sampled randomly and independently from a colour wheel
defined as a circle in CIE LAB space of constant luminance
(L= 60), centred at a = b = 12.5, with a radius of either
25 (small chroma radius) or 50 (large chroma radius) units.
All stimuli were presented against a background matched
in colour to the centre of the colour wheel, but with lower
luminance (L = 30).

Procedure

Each experiment was divided into two sessions conducted on
different days, with one session using a colour wheel with
a small chroma radius and the other session using a colour
wheel with a large chroma radius. The order of the sessions
was counterbalanced across observers. Within each session,
observers completed nine (Experiment 1, no delay) or six
(Experiment 2, delay) blocks of trials in a pseudorandom
order, with half of the observers completing the analogue
report task followed by the 2-AFC task, and the other half
completing the two tasks in the opposite order. In the no-delay
experiment, observers completed a total of twelve blocks of
the analogue report task and six blocks of the 2-AFC task.
The larger number of blocks of the former task is due to the

manipulation of the physical size of the colour wheel (see
below), which was applicable only to that task. In the delay
experiment, observers completed six blocks of each task.

Each trial of the study began with the presentation of a
central fixation annulus (r = 0.15◦ and R = 0.25◦) (Fig. 1).
Once a stable fixation was registered, the size of the inner
radius increased (r = 0.2◦). Observers perceived this change
as the annulus becoming thinner. After 500 ms, coloured
discs sampled from a colour wheel with a large or small
chroma radius were presented.

Analogue report task

In the synchronous timing condition (Fig. 1a & b), the test
cue (white annulus, 1◦ radius) was presented at the loca-
tion of and along one coloured disc, and all stimuli remained
visible until the end of the trial. In the asynchronous tim-
ing condition (Fig. 1a & c), one or four coloured discs were
presented for 500ms. This was followed by a 0-ms delay (no-
delay experiment), or 1000-ms delay (delay experiment) and
a probe display consisting of a white annulus indicating one
of the stimuli to be reproduced. Participants were instructed
to move the mouse once they were ready to respond. The
response wheel and a central disc (1◦ radius) were presented
on the screen only after detecting mouse movement to pre-
vent interference from colours on the screen. The response
wheelwas randomly rotated from trial to trial. In the no-delay
experiment, in separate blocks the response wheel was either
physically small (3◦ radius) or large (10◦ radius). In the delay
experiment, only the physically large (10◦ radius) response
wheel was used. As observers hovered over the response
wheel with the mouse pointer, the central disc continuously
changed colour. The response was finalized with a mouse
click. At the end of each trial, observers were presented with
feedback in the form of the correct colour (t) at the target’s
original location and a central disc in the reported colour (y).

Using the analogue report task, wemanipulated the colour
wheel’s chroma radius (small or large), the colour wheel’s
physical size (small or large), the timing condition (syn-
chronous or asynchronous response), set size (1 or 4), and
delay (0 ms or 1000 ms). The physical size manipulation of
the colour wheel produced no discernible effects in the no-
delay experiment, and consequently, it was omitted from the
delay experiment for practical considerations. Observers per-
formed 50 trials in each condition. Trials for every condition
were blocked.

Two-alternative forced choice task

In the 2-AFC task (Fig. 1d& e), the trial sequencewas identi-
cal to the analogue report task, except for the response phase.
After the probe display, participants were instructed to move
the mouse when ready to respond. The probe remained on
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the screen until mouse movement was detected, at which
point observers were presented with two coloured discs, the
probe colour (p; p = t) and a foil (f), located 2.5◦ hori-
zontally to the left and right from the centre of the screen.
Positions of the probe and foil were randomized on every
trial. Observers gave their responses by clicking on the disc
which they believedmatched the colour previously presented
at the cued location. At the end of each trial, observers were
presented with binary feedback (“Correct” or “Incorrect”)
displayed at the centre of the screen.

The colour of the foil (f = t + δ) was selected in each
trial via the adaptive PSI method to maximize the informa-
tion available for estimating the discrimination function with
respect to the stimulus space (Kontsevich&Tyler, 1999). The
adaptive PSI method is a Bayesian method designed to esti-
mate parameters of the psychometric function, i.e. slope and
threshold. On each trial, following the observer’s response,
the method updates posterior probability distributions in the
parameter space and estimates parameters by calculating the
means from those posteriors.

Themethod then selects a stimulus value (i.e. δ) to present
on the next trial from a dense grid across the entire fea-
ture space. The goal is to choose a value that minimizes the
expected uncertainty of estimated parameters from the poste-
rior distributions, by estimating the expected entropy across
the entire feature space and choosing a stimulus value with
the minimum expected entropy. The method runs for a speci-
fied number of trials, whichwas 80 in our case. It is important
to note thatwhile the PSImethod provides online estimates of
the psychometric function parameters during the experiment,
the reported analyses are based on retrospectively fitting the
complete set of stimuli and responses, independently of the
PSI method

We again manipulated the colour wheel’s chroma radius
(small or large), the timing condition (synchronous or asyn-
chronous response), set size (1 or 4), and delay (0 ms or
1000 ms). Observers performed 80 2-AFC trials per condi-
tion, and all trials were blocked.

Analysis

In the analogue report task, we measured response error in
each trial as the angular difference between the reported
(y) and target (t) colours on the colour wheel. To quantify
the dispersion of response errors, we calculated the mean
cosine dissimilarity (i.e. the complement to 1 of the cosine
of response error: 1− cos[y − t]) across trials for each con-
dition and observer. Higher values of cosine dissimilarity
indicate larger average reproduction error.

We additionally fit a contamination model to the response
distributions from each condition (code available at https://
bayslab.com/toolbox/). This model assumes a probabilistic

mixture of target-related responses, drawn from a von Mises
(circular normal) distribution centred on the target value with
concentration κt , and contaminant responses that are ran-
domly (uniformly) distributed with respect to the target, i.e.

p(y) = αφVM(y; t, κt ) + 1 − α

2π
. (1)

whereα is themixture proportion of target-related responses.
The contamination model is used here as a purely descriptive
account of the data for the purpose of comparing experimen-
tal methods, without associating the two components of the
model with specific psychological processes (Taylor &Bays,
2018). For the analogue report task, we analysed both the
cosine dissimilarity and the parameters of the contamination
model.

In the 2-AFC task we measured performance as the pro-
portion of correct selections of the probe colour (p) over the
foil ( f ). To facilitate the comparisonwith the analogue report
task, we fit an instantiation of the same contamination model
to the raw responses from the asynchronous condition of the
2-AFC task. We assumed that observers selected whichever
of the probe and foil colours fell closest to an internal estimate
(y) of the target colour (t), with y distributed as in Eq. 1. On
this basis, the probability of a correct response as a function
of target-foil similarity is given by,

Prcorr = α

[
�VM

( | f � t |
2

; 0, κt
)

− �VM

( | f � t |
2

− π; 0, κt
)]

+ 1 − α

2

(2)

where�VM(θ;μ, κ) = ∫ θ

−π
φVM(x;μ, κ) dx is the cumula-

tive vonMises distribution,� is subtraction on the circle, κt is
the concentration parameter and α is the mixture proportion.
Importantly, fitting the contamination model to the analogue
report and forced-choice data produces directly comparable
parameters: the concentration parameter indicates the level
of representational precision, while lapse errors in both tasks
reflect responses unrelated to the target colour.

The above model suffices for the asynchronous timing
condition in both tasks, assuming that noise in the represen-
tation of stimuli that are visible at the time of response is
negligible in comparison to noise in the representation of the
target colour held in memory. For the synchronous timing
condition, by contrast, all stimuli are visible at the time of
response, sowe assume that the representational noise associ-
ated with the target (σ 2

t ), probe (σ
2
p), foil (σ

2
f ) and individual

colours on the colour wheel (σ 2
w) are small, independent and

equal, and that lapses do not occur. On this basis, responses
in the synchronous timing condition of the analogue report
task are normally distribution,

p(y) = φ(y; t, σy) (3)
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where σy encompasses noise in representing the target colour
and the colours on the colour wheel,

σy =
√

σ 2
w + σ 2

t = √
2σt . (4)

We therefore simply estimated standard deviation σy from
the raw response errors on the colour wheel.

For the synchronous timing condition of the 2-AFC task,
we assumed choices reflected the same comparison between
the probe, foil and target as in the asynchronous model, but
with all three representations now subject to equal and inde-
pendent Gaussian noise, i.e.

Prcorr = Pr(| p̂ � t̂ | < | f̂ � t̂ |) (5)

= �2
μ,
(0) + �2−μ,
(0) (6)

where �2 is the cdf of a bivariate normal with vector of
means,

μ =
[ | f � t |√

2
,
| f � t |√

2

]
, (7)

and covariance matrix,


 =
[
3σ 2

t 0

0 σ 2
t

]
. (8)

Note that the asymmetry of the covariance matrix reflects
the correlation induced by terms on both sides of the compar-
ison in Eq. 5 depending on t̂ . We estimated σt by maximum
likelihood fitting.

Finally, we reparametrized the fitted standard deviation
parameters σt obtained from the synchronous tasks into con-
centration parameters for comparison with κt obtained in
the asynchronous tasks. In summary, when comparing per-
formance between the analogue report and 2-AFC task, we
focus on concentrations of the target-related responses, esti-
mated either as a component of the contamination model
(asynchronous report condition) or width of a Gaussian dis-
tribution (synchronous report condition). It is worth noting
thatwhen comparing performancewithin the analogue report
task, we used the contamination model parameters for both
the synchronous and asynchronous conditions.

Although fitting a parametric model to the data is only
strictly necessary for the comparison between 2-AFC and
analogue report tasks, considering thewidespread use of such
models in the field, we present contaminationmodel parame-
ter estimates alongside the non-parametric performancemea-
sure (cosine dissimilarity) throughout the Results section. To
foreshadow our results, these parametric and non-parametric
measures provided highly consistent results, underscoring
the robustness and independence of our conclusions from the
specific metric used to quantify representational precision.

To compare differences in performance across conditions,
we used the Bayesian approach implemented in JASP (JASP
Team, 2022) with the default Jeffreys–Zellner–Siow prior on
effect sizes (Liang et al., 2008). The reported Bayes factors
compare the predictive adequacy of two competing hypothe-
ses (e.g. alternative and null) and quantify the change in belief
that the data bring about for the hypotheses under consider-
ation (Wagenmakers et al., 2018). For example, BF10 = 5
indicates that the data are five times more likely to occur
under the alternative hypothesis (i.e. there is a difference)
than under the null hypothesis (i.e. there is no difference).
Evidence for the null hypothesis is indicated by BF10 < 1, in
which case the strength of evidence is indicated by 1/BF10.
Evidence assessed via the Bayes factor is most effectively
understood as a ratio-scaled value ranging from 0 to infin-
ity. Nonetheless, for the sake of clarity in communication,
we also adopt an interpretative framework for Bayes factor
values, following the classification scheme outlined by Lee
and Wagenmakers (2013). It is critical to note that while
we utilize these discrete categories, they are arbitrary and
should serve only as rough guidelines. While theoretically
both equally important, strong evidence, as measured by the
Bayes factor, for the null hypothesis can be harder to attain
in practice compared to the alternative hypothesis. This is
because the predictions under the null hypothesis overlap
with predictions for small effect sizes under the alternative
hypothesis, leading to an asymmetry in how evidence for the
null (i.e. absence of difference) and the alternative (i.e. dif-
ference) accumulate (Fig. S1) (Keysers et al., 2020; Stefan
et al., 2019).

When reporting a specific effect, e.g. the effect of set size
on cosine dissimilarity, we report BFincl for the factor of set
size obtained from the Bayesian analysis of variance includ-
ing the effects of all possible factors tested in the experiments
and their interactions. For example, in the no-delay experi-
ment, in addition to manipulating the set size of WM, we
manipulated the chroma radius and the physical size of the
colour wheel. When evaluating the effect of each of these
three manipulations, we retrieve these effects from a sin-
gle ANOVA and report BFincl , which represents the overall
evidence for an effect. This is derived via Bayesian model
averaging (Hinne et al., 2020), which averages evidence for
an effect over all candidate models that contain the effect of
interest.

To estimate the contribution of motor error to response
variability in the analogue report task, we assume variance
in angular error on the colour wheel can be decomposed into
additive motor and non-motor components, and that non-
motor error is constant in angular space across changes of
the physical radius of the wheel, while motor error is con-
stant with respect to the hand/mouse movement, which maps
linearly to cursor movements on the display measured in
degrees of visual angle (dva). Variability in the Cartesian

123



Behavior Research Methods

space of the display is related to variability in angular space
for a colour wheel with physical radius R by

σdva ≈ R σang, (9)

where this approximation is valid as long as errors are small
relative to the circumference of the wheel. Based on these
assumptions we predict a difference in angular error variance
on physically small and large colour wheels of

σ 2
small − σ 2

large =
(

σmotor

Rsmall

)2

−
(

σmotor

Rlarge

)2

. (10)

So motor variance can be estimated as

σ 2
motor = σ 2

small − σ 2
large

R−2
small − R−2

large

, (11)

and motor SD (in dva) calculated as the square root of the
estimated variance.

Results

Figure 2 shows response error distributions from the ana-
logue report task and fits of the best fitting contamination
model. Summary statistics for those distributions, calculated
as cosine dissimilarity, are shown in Fig. 3. Parameters of the
best fitting contamination model are shown in Fig. 4.

Set size

We evaluate the effect of set size on performance in the
analogue report task by analyzing reproduction errors on
trials where observers viewed one or four coloured discs
and then asynchronously reported colour of a single cued
disc. We found the cosine dissimilarity increased with set
size in the no-delay (BFincl = 2.24 × 1012; Fig. 3a) and
delay experiment (BFincl = 3.79 × 105; Fig. 3b). Impor-
tantly, this effect did not depend on the chroma radius as
indicated by weak (delay experiment: BFincl = 0.46) to
moderate (no-delay experiment: BFincl = 0.13) evidence
against an interaction of set size and chroma radius. Similarly,
we foundmoderate evidence against an interaction of set size
and the physical size of the colour wheel (no-delay experi-
ment: BFincl = 0.14), as well as extreme evidence against an
interaction of set size, chroma radius and the physical size of
the colour wheel (no-delay experiment: BFincl = 0.01). This
initial analysis demonstrates the hallmark feature of human
memory that the error with which objects are stored in mem-
ory increases with the number of stored objects (Bays &
Husain, 2008; Palmer, 1990; Wilken & Ma, 2004).

Expectedly, the set size effect was found when the con-
taminationmodel parameterswere analysed instead of cosine
dissimilarity (Fig. 4). The concentration parameter of the
normal component was found to decrease with set size (no-
delay experiment: BFincl = 1.27 × 108; delay experiment:
BFincl = 1.19 × 104) and the lapse frequency was found
to increase with set size (no-delay experiment: BFincl =
7.47 × 106; delay experiment: BFincl = 3.63 × 104). Sim-
ilar to the analysis of the cosine dissimilarity, the set size
effect on the concentration parameter was not modulated
by the chroma radius (no-delay experiment: BFincl = 1.45;
delay experiment: BFincl = 0.39), the physical size of the
colour wheel (no-delay experiment: BFincl = 0.29), or an
interaction of chroma radius and physical size of the colour
wheel (no-delay experiment: BFincl = 0.08). We likewise
found evidence for the robustness of the set size effect on the
lapse frequency parameter, indicating that the frequency of
lapses does not vary with the chroma radius (no-delay exper-
iment: BFincl = 0.25; delay experiment: BFincl = 0.4),
the physical size of the colour wheel (no-delay experiment:
BFincl = 0.19), or an interaction of chroma radius and
physical size of the colour wheel (no-delay experiment:
BFincl = 0.017). In summary, the analysis of the cosine
dissimilarity and parameters of the contaminationmodel pro-
vides compelling evidence of an increase in errorwith set size
in the analogue report task. Importantly the set size effect was
found in both experiments and was not modulated by other
factors, such as chroma radius or the physical size of the
colour wheel, confirming the widely documented robustness
of the set size effect on response precision in the analogue
report task.

Informationmaintenance

In order to investigate the role of informationmaintenance on
the variability of response errors in the analogue report task,
we first compared the error across the timing conditions (i.e.
synchronous and asynchronous reproduction) in the case of
set size one, followed by the comparison of asynchronous
no-delay (i.e. 0 ms) and delayed (i.e. 1000 ms) reproduction.

Overall error variability, as assessed by cosine dissimilar-
ity, was found to be larger on the asynchronous reproduction
trials compared to the synchronous reproduction trials, both
in the no-delay (BFincl = 1.69 × 1014) and delay experi-
ment (BFincl = 230.7) (Fig. 3a & b). This result shows that
observers reproduced a single colour more precisely when it
remainedvisible, compared towhen it had to bemaintained in
memory. Furthermore, this benefit of synchronously viewing
and reproducing the stimulus was comparable across colour
wheels of different physical sizes and different chroma radii
as indicated by moderate evidence against an interaction of
the timing conditions and colour wheel’s physical size (no-
delay experiment: BFincl = 0.18), weak evidence against
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ment

an interaction of the timing conditions and colour wheel’s
chroma radius (no-delay experiment: BFincl = 1.08; delay
experiment: BFincl = 0.38), and strong evidence against
an interaction of the timing conditions, physical size of the
colour wheel and colour wheel’s chroma radius (no-delay
experiment:BFincl = 0.04). Together, these results show that
committing an object to memory increases the error with
which that object can be recovered, and that this cannot be
attenuated by other factors such as the chroma or physical
size of the colour wheel.

To further elucidate the effects of information mainte-
nance on error in the analogue report task, we analysed the
contamination model parameters (Fig. 4). We found extreme
evidence for a difference in the concentration parameter
between the synchronous and one item asynchronous repro-
duction (no-delay experiment: BFincl = 1.4 × 1014; delay
experiment: BFincl = 48511) with estimated concentrations
being on average larger when a colour of a visible stimulus
was reproduced. Analysis of the lapse frequency revealed
moderate evidence against a difference between the syn-
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Fig. 3 Summary statistics for the analogue report data. Note. Mean
cosine dissimilarity for synchronous and asynchronous report condi-
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chronous and no-delay asynchronous reproduction (no-delay
experiment: BFincl = 0.28) and moderate evidence for a
difference between the synchronous and 1-s delayed asyn-
chronous reproduction (delay experiment: BFincl = 3.65),
with lapses occurring more frequently on the asynchronous
reproduction trials. Finally, the effect of information main-
tenance on the contamination model parameters did not
depend on colour wheels’ chroma radii (no-delay experi-
ment: concentration: BFincl = 0.61; lapses: BFincl = 0.14;
delay experiment: concentration: BFincl = 0.82; lapses:
BFincl = 0.3), or the physical size of the colour wheel
(no-delay experiment: concentration BFincl = 0.21; lapses
BFincl = 0.1), or an interaction of the colour wheels’

chroma radii and their physical sizes (no-delay experiment:
concentration BFincl = 0.06; lapses BFincl = 0.02). In
summary, the analyses so far provide evidence that errors in
colour reproduction increase when items are probed imme-
diately after stimulus disappearance (no-delay experiment)
or 1 s later (delay experiment), compared to the reproduction
of a still visible stimulus.

Next, we focus on the comparison of response errors
obtained with asynchronous reproduction with different
delays, specifically theno-delay anddelay conditions (Fig. 3).
This analysis revealed strong evidence for a difference in
cosine dissimilarity (BFincl = 19.59) with recall variabil-
ity increasing between the 0-ms and 1000-ms delay interval.
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Fig. 4 Contaminationmodel fit for the analogue report data.Note.Esti-
mates of themodel parameters for synchronous and asynchronous report
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Additionally, the effect of delay was found to increase with
set size (BFincl = 24.52), with representations deteriorating
faster with set size four compared to set size one. Finally,
the effect of delay (BFincl = 0.24) or the effect of set size
on memory deterioration with delay (BFincl = 0.17) did not
varywith the colourwheel chroma radii, as indicated bymod-
erate evidence against these interactions. For comparison, the
magnitude of change introduced with a 1-s delay exceeded
the difference observed between the synchronous and asyn-
chronous reproduction reported in the previous analysis.

Finally, the comparison of the contamination model
parameters across delays (Fig. 4) corroborated findings
obtained when analysing the cosine dissimilarity. We found
moderate evidence for a difference in the lapse frequency
between the two delay conditions (Fig. 4b & d), with lapses
increasing with delay interval (BFincl = 5.25). Similar to
the pattern of differences obtained for cosine dissimilar-
ity, lapse frequency increased with delay more rapidly with
larger set size (BFincl = 7.34), although this effect again

did not depend on the colour wheel radii (interaction of
delay and colour wheel radii BFincl = 0.2; interaction of
delay, set size and colour wheel radii BFincl = 0.1). In addi-
tion, we found weak evidence against a difference in the
concentration parameters between different delay intervals
(BFincl = 0.56; Fig. 4a& c), an interaction of delay intervals
and set size (BFincl = 0.39), and strong evidence against an
interaction of delay interval, set size and colour wheel radii
(BFincl = 0.019). Together, these results extend our initial
analysis in showing that after the stimulus disappears, its
representation continues to deteriorate gradually, even over
a timescale of 1s, resulting in a robust increase of response
error on the colour wheel.

Colour wheel chroma radius

We next focus on investigating the effects of altering the
colour space on report errors in the analogue report task. To
this end, in both experiments we sampled stimuli from colour
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spaces of the samehues butwith different chroma radii (rsmall

= 25 and rlarge = 50) and asked observers to reproduce cued
stimuli on the corresponding colour wheel. Despite substan-
tially changing the feature space, in the no-delay experiment
we found weak to moderate evidence against a difference
in the cosine dissimilarity between colour wheels with dif-
ferent chroma radii on the synchronous reproduction trials
(BFincl = 0.34) and moderate evidence against a difference
on the asynchronous reproduction trials (BFincl = 0.12). The
overall pattern of differences in the no-delay experiment was
in agreement with that in the delay experiment. Specifically,
in the delay experiment, we observed weak evidence against
a difference between colour wheels’ chroma radii in the syn-
chronous reproduction condition (BF10 = 0.96) and weak to
moderate evidence against a difference in the asynchronous
reproduction condition (BFincl = 0.34). This initial analysis
suggests that colour estimates were unaffected by changes in
the colour space.

Analysis of the contamination model parameters con-
firmed these results (Fig. 4). In particular, in the no-delay
experiment there was no evidence for the chroma radius to
affect the concentration parameter (synchronous: BFincl =
0.86; asynchronous: BFincl = 1.4) or the lapse frequency
(synchronous: BFincl = 1.2; asynchronous: BFincl =
0.17). Similarly, in the delay experiment, the concentra-
tion parameters (synchronous: BF10 = 0.75; asynchronous:
BFincl = 0.37) and the lapse frequency (synchronous:
BF10 = 0.31; asynchronous:BFincl = 0.28) were found
to be comparable across colour wheels of different chroma
radii. Together, analysis of cosine dissimilarity and the con-
taminationmodel parameters showed that, despite substantial
changes to the colour wheel’s appearance and reduced colour
distinctiveness, human reproduction errors remained surpris-
ingly comparable to those observed with a more typical
colour radius.

Motor error

Weinvestigated the role ofmotor noise on reproduction errors
in the analogue report task by asking observers to identify
presented stimuli on colour wheels that were identical except
for their physical size. Changes in the physical size of the
colour wheel are not expected to influence the amplitude of
motor noise, whichwill remain constantwith respect to phys-
ical movements of the hand and consequently with respect to
movements of the cursor, measured in pixels on the display.
However, when measured in terms of angular error, the same
amplitude of noise in cursor movement has a larger impact
on a small colour wheel than a large one. A useful analogy is
trying to pass a thread through the eye of a needle - constant
noise (e.g. shaky hands) will more often result in missing a
small eye compared to a larger eye. Similarly, in a colour
reproduction task, motor noise will produce a greater disper-

sion of reported colours when the colours are spatially more
densely packed on a smaller colour wheel. Contrary to this
prediction, we found moderate evidence against a difference
in cosine dissimilarity obtained on colour wheels of differ-
ent physical sizes, both in the synchronous (BFincl = 0.23)
and asynchronous reproduction conditions (BFincl = 0.12),
suggesting no contribution of motor noise to overall repro-
duction variability in the analogue report task.

These results were replicated when instead of cosine dis-
similarity, we analysed the parameters of the contamination
model (Fig. 4). In the synchronous reproduction condi-
tion, we observed moderate evidence against a difference
in the concentration parameter of the normal component
(BFincl = 0.29) and weak evidence against a difference in
the lapse frequency parameter (BFincl = 0.54) across colour
wheels of different physical sizes. Similarly, in the asyn-
chronous condition, we found moderate evidence against a
difference in the concentration parameter (BFincl = 0.29)
and the lapse frequency parameter (BFincl = 0.14) between
different physical sizes of the colour wheel, indicating that
neither the precision of the normal component or the fre-
quency of lapses is affected by motor noise.

Comparable performance across colour wheels of differ-
ent physical sizes cannot be explained by observers spending
more time selecting their response in one of the two con-
ditions. Indeed, a comparison of median response times
revealed moderate evidence against a difference between the
two colour wheels in the synchronous condition (BFincl =
0.23) andweak evidence for a difference in the asynchronous
condition (BFincl = 2) where observers, contrary to what
would have to be done to annul effects of motor noise, spent
marginally more time (mean� = 275 ms) responding on the
physically large colour wheel.

To put a quantitative bound on the contribution of motor
noise in the analogue report task we estimated motor error
variance separately for each participant and each condition
(see Methods). We observed mean σ 2

motor = 0.2415, corre-
sponding to a standard deviation of 1.38◦ on the physically
large colour wheel and 4.61◦ on the physically small colour
wheel. On a more typical 8.2 dva wheel, as used by Zhang
and Luck (2008) and many of the studies that followed it, the
motor noise contribution to error would have s.d. of 1.69◦.

Decision criterion

In addition to the sources of error considered so far, another
factor contributing to the overall variability in response errors
might be a decision criterion related to feature adjustment. In
particular, in the analogue report task observers can choose
how finely to compare the features in the response space
(e.g. on the colour wheel) to the one that is internally repre-
sented, and the precision of their responseswill be affected by
this choice. To investigate whether this freedom in deciding
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when to terminate the adjustment process has a beneficial or
detrimental effect on performance, we directly compared the
analogue report task to the 2-AFC task in which the coarse-
ness of the required discrimination (i.e. target-foil similarity)
is controlled by the experimenter.

To this end, we fitted a normal distribution to response
errors and forced-choice judgments in the synchronous
response conditions of the analogue report and 2-AFC task,
respectively (see theAnalysis section). Similarly, in the asyn-
chronous response conditions, we fitted the two-component
contamination model (vonMises + lapses) to responses from
the two tasks. Figure 5 shows the 2-AFC data and the best
fitting psychometric functions. Because our previous analy-
ses did not reveal any differences between conditions with
different colour wheel radii or physical sizes, we pooled the
data for each observer across these conditions. Finally, we
compared the concentration parameters of the normal com-
ponent between the two response methods and between the
synchronous and asynchronous response conditions.

In the no-delay experiment (Fig. 6a), we found extreme
evidence for a difference in concentration estimates between
the two tasks (BFincl = 2.13 × 109) with concentrations
on average being larger in the 2-AFC task, and extreme
evidence for a difference between the synchronous and
asynchronous response conditions (BFincl = ∞) arising
from the concentration estimates decreasing when observers
reported objects asynchronously, even more so with larger
set size, compared to the synchronous condition. We also
found extreme evidence for an interaction of these factors
(BFincl = 8.75 × 107). An interaction consisted of lower
concentration estimates for the analogue report task for both
the synchronous (BF10 = 175.61) and asynchronous condi-
tion with one item (BF10 = 8.58), and comparable estimates
across tasks in the case of the four items asynchronous condi-
tion (BF10 = 0.34). These results demonstrate that estimates
of the contamination model’s concentration parameters are
generally larger for 2-AFCdata compared to continuous error
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data. This difference diminishes as performance decreases,
eventually disappearing altogether.

Conducting the same analysis in the delay experiment
(Fig. 6c) produced consistent outcomes. We again found
extreme evidence for a difference in performance between
the analogue report and 2-AFC task (BFincl = 1.16 × 106)
indicating higher concentration estimates in the 2-AFC task.
We also observed extreme evidence for a difference between
the synchronous and asynchronous conditions (BFincl =
1.34 × 1010) with representational precision being supe-
rior on average in the synchronous condition. Finally, we
found extreme evidence for an interaction of these factors
(BFincl = 1.36 × 105). Critically, comparing the two tasks
within each recall condition revealed strong to moderate evi-
dence for an advantage of the 2-AFC task in the synchronous
(BF10 = 54.58) and asynchronous condition with one item
(BF10 = 4.88), respectively, whereas there was weak evi-
dence for lack of difference in the asynchronous condition
with four items (BF10 = 0.46).

For completeness, we tested differences between the two
tasks in the lapse frequency parameter obtained by fitting the
two-component contamination model to response errors in
the asynchronous response conditions (Fig. 6b & d). Fitting
the contamination model in the two tasks returned consis-
tent estimates of lapse rates, which increased with set size

but did not differ between the tasks. Consistent with that,
we found weak evidence for a difference between the two
tasks (no-delay experiment: BFincl = 0.29; delay experi-
ment: BFincl = 0.6), and extreme evidence for a difference
between two set sizes (no-delay experiment: BFincl = 555;
delay experiment: BFincl = 14.6 ),with performance expect-
edly being worse with larger set size. We also found weak
evidence against an interaction between task and set size
(BFincl = 0.37), corroborating that lapse rates decreased
consistentlywith set size across the two tasks. The absence of
interactionwas further confirmed by conducting paired t tests
between the two tasks for each set size separately and find-
ing no evidence for a difference with set size one (no-delay
experiment: BF10 = 0.75; delay experiment: BF10 = 0.33)
or set size four (no-delay experiment: BF10 = 0.31; delay
experiment: BF10 = 0.55).

Discussion

The present work explored sources of variability in response
errors in the analogue report task. In two studies, we var-
ied information processing requirements (set size, target-cue
synchrony and delay) and characteristics of the stimulus
space (chroma radius) and response (colour wheel radius)
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to test the contribution of each factor to response error. We
found that human response errors are sensitive to changes in
set size and maintenance requirements. In contrast, perfor-
mance was unaffected by large changes in the chroma radius
or physical size of the colour wheel, indicating robustness
of this task to changes in the feature space, and constraining
the possible contribution of motor noise to response error.
Finally, comparing response variability in the analogue report
taskwith performance in a forced-choice discrimination task,
we found evidence for a limited role of adjustment criterion
affecting colour identification under conditions where other
sources of noise were minimized.

Changes in set size had the largest influence on repro-
duction variability in our experiments. We observed that
performance, whether assessed as overall error variability
or separate parameters of the contamination model, wors-
ened as set size increased. Importantly, the set size effect
was found in both no-delay and delay experiments with asyn-
chronous reproduction. The results of the delay experiment,
whose design closely follows a typical visual working mem-
ory experiment, are consistent with a large body of research
showing that the precision with which objects are stored in
memory decreases with the number of stored objects (Bays et
al., 2024; Luck&Vogel, 2013;Ma et al., 2014). The no-delay
experiment, where the target is cued immediately after the
stimuli disappear, could in principle engage sensory memory
to someextent in addition toworkingmemory capacity (Sper-
ling, 1960), although the cue annulus may also have acted as
a meta-contrast mask, attenuating or effectively erasing sen-
sory representations (Breitmeyer & Ogmen, 2006). In either
case, the results of the no-delay experiment align with pre-
vious research in demonstrating the existence of a strong set
size effect in working memory with little or even zero delay
interval between stimulus and cue (Pratte, 2020; Tomić &
Bays, 2024a; Tsubomi et al., 2013). This supports the view
that set size differences arise at the time of encoding into
working memory, while leaving open the possibility that the
effect is further amplified during the course of maintenance
(see below).

Previous studies have found evidence that working mem-
ories degrade over a delay (Rademaker et al., 2018; Schnee-
gans & Bays, 2018; Shin et al., 2017). In the current study,
we directly compared human reproduction variability in tri-
als on which observers were asked to match on the colour
wheel a colour that was still visible on the display (syn-
chronous reproduction) with trials where an object was
cued for reproduction once it had disappeared (asynchronous
reproduction). Despite having to represent only a single
item, we found convincing evidence that observers’ repro-
duction variability increased once the visible stimulus is
removed. This was true when observers had to keep the rep-
resentation in memory for 1 s (delay experiment), but also

when responding was allowed immediately after the stim-
ulus disappeared (no-delay experiment). Importantly, when
comparing asynchronous reproduction with different delays,
we found representations continued to deteriorate gradually,
even over a timescale of 1 s, resulting in a robust increase of
response errors on the colour wheel.

The majority of research involving analogue report tasks
has used colour defined in CIE Lab space as a stimulus
feature. This choice is motivated in part by claims about
the perceptual homogeneity of CIE Lab space, such that
equal physical distances between colours correspond to
equal perceptual distances and discriminability. This allows
researchers to select a circle varying in hue from the colour
space with the expectation that the resulting space will be
homogeneous. However, the same hues on a colour circle
of a smaller radius are closer in CIE Lab space and should
therefore become less perceptually discriminable. Here, we
investigated how changes in chroma radius (i.e. colour sat-
uration) affect reproduction precision in the analogue report
task. In both experiments we sampled stimuli from colour
circles with very different chroma radii, and asked observers
to reproduce cued stimuli on the corresponding colourwheel.
Surprisingly, in both experiments, we found that variability
measured in terms of angular error did not change despite
substantial differences in the colour wheel’s appearance.
This held true even for the perceptual (synchronous) tasks.
Although strikingly opposed to the often-cited perceptual
uniformity of CIE Lab space, these results are consistent
with previous work demonstrating that the saturation of
monochromatic light can be substantially reduced over much
of the spectrumwithout impairing hue discriminability (Mol-
lon & Estévez, 1988; Tyndall, 1933). While decreasing the
chroma radius even further would inevitably lead to uniform
responses relative to the target stimulus (i.e. with r → 0),
based on the evidence presented here, colour wheels with
quite large differences in chroma radii can be expected to
produce similar measurements of variability in hue estima-
tion in analogue report tasks.

In addition to the non-uniformity along the chroma axis
demonstrated here, previous studies have found evidence
for non-uniformity of CIE Lab in hue space (Bae et al.,
2014; Panichello et al., 2019). This is observed as biases and
changes in response variability for stimuli at different points
on the colour wheel. It is possible that changes in chroma
could either attenuate or intensify these variations. In partic-
ular, previous work has demonstrated that colour experience
of hue and chroma is not organized into independent psycho-
logical dimensions (Burns & Shepp, 1988), and a long line
of research has argued that higher cognitive processes such
as short-termmemory inherit properties of colour perception
(Allred & Flombaum, 2014). Notably, the full geometry of
colour perception is too complex to be captured by the three
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dimensions of Lab space, or even by any Euclidean space,
making the goal of a fully uniform colour wheel unattainable
(Bujack et al., 2022; Ennis & Zaidi, 2019).

Several previous studies have argued that motor noise
affecting selection of a feature in analogue report tasks signif-
icantly contributes to the overall response variability. On this
basis, a number of studies have explicitly incorporated motor
noise components into computational models of behaviour
(Schurgin et al., 2020; van den Berg et al., 2012), or offered
motor noise as an explanation if models fail to capture some
aspects of the empirical data (Sims, 2015). And while the
important role ofmotor noise in the execution of visuo-motor
tasks has been well documented (van Beers, 2009), the over-
all contribution of response noise on the analogue report task
has not been directly examined until now. To investigate the
extent to which noise in motor output contaminates fidelity
estimates in the analogue report task, we asked observers to
identify the target colour on colour wheels of different physi-
cal sizes.We hypothesized that, to the extent that motor noise
introduces error into human colour reproduction, that effect
should be constant across changes in colour wheel size, and
should therefore contribute a larger angular error on a small
colour wheel compared to a large one. In contrast, we found
evidence that colourwheels of different sizes provided equiv-
alent distributions of angular errors. These results indicate
that motor noise does not meaningfully affect fidelity esti-
mates in the analogue report task.

Recently, Sutterer et al. (2022) investigated the contribu-
tion of motor noise on working memory reproduction errors
by using a delayed estimation task. Assuming that motor
responses are noisier when performed by the non-dominant
compared to the dominant hand, the authors asked observers
to asynchronously identify one of the previously presented
colours with their dominant and non-dominant hands. They
reasoned that if motor noise contaminates responses in the
analogue report task, they ought to see stronger contamina-
tion when observers respond with their non-dominant hand
compared to the dominant hand. Their data showed evidence
against such an effect, both at the level of overall variabil-
ity and parameters of a descriptive model. Consistent with
Sutterer et al. (2022), we found more direct evidence against
an effect of motor noise during asynchronous reproduction;
in addition to that study, we also found evidence against an
effect of motor noise on the synchronous reproduction tri-
als. Our findings have important implications for modelling
of analogue report data. In particular, if there is negligi-
ble contribution of motor noise to overall error distribution,
including a motor noise component in a model runs the risk
of becoming an adjustment parameter that “mops up” unex-
plained variance and superficially improves the model’s fit.

In psychophysics, forced-choice procedures have histori-
cally been used more widely and often regarded as superior
to methods of adjustment (Kingdom& Prins, 2016). Beyond

practical reasons, which became less dominant with the
advancement of computer technology, one concern was that
responses in the latter task depend on a subjective decision
of when to terminate the adjustment process (i.e. how simi-
lar is “similar enough”). Here we explicitly investigated the
role of this adjustment criterion by comparing performances
on the analogue report task with the 2-AFC task, where no
equivalent decision can be made. Specifically, we compared
precision of observers’ responses in the analogue report task
with the precision parameters of a psychometric function fit-
ted to the 2-AFC data. Across two experiments, we found
evidence for a difference in estimated variability between
the 2-AFC task and the analogue report task, with variabil-
ity being on average smaller in the 2-AFC task. Importantly,
however, this superior performance in 2-AFC was limited
to conditions where representational noise was relatively
low, i.e. in the synchronous and 1-item asynchronous con-
ditions. This suggests that the contribution of variability in
the decision criterion to overall error is small compared to
other sources of variability. Indeed, when observers asyn-
chronously reported one of four items, performance in the
two tasks was indistinguishable, suggesting that internal
noise arising from sharing of limited mnemonic resources
overpowered adjustment noise and obscured its effect.

It is possible that 2-AFC and analogue report tasks differ
in other aspects beyond decision noise. Specifically, the two
tasks may engage distinct top-down strategies of encoding
and maintaining visual information. While the existence of
the decision component in continuous report is indisputable,
any discussion of possible differences in strategy between the
two tasks would be more speculative. In order to account for
the observed pattern of psychophysical differences between
the two tasks, any ostensible difference in strategy would
need to have effects that diminish with manipulations of set
size and delay that increase representational noise. Because
of that, we find it more likely that the differences between the
two tasks arise from a constant factor whose contribution to
overall error is small compared to other sources, aligningwith
the theoretical concept of decision noise, rather than a com-
plex interplay of strategies that might masquerade as such
a factor. Crucially, our main conclusion is methodological
in nature and remains justified irrespective of any top-down
differences between the tasks: precision estimates from these
two methods may exhibit discrepancies when the effect of
representational noise is small (e.g. low set size), but they
converge when the effects of representational noise become
more prominent (e.g. high set size).

The question of different top-down strategies prompted
a recent study conducted by Cohen-Dallal et al. (2022),
who investigated the role of expectations about an upcoming
responsemethod on performance. To this end, they randomly
interleaved trials from the analogue report and change detec-
tion task, which were otherwise identical until the response
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stage. They found that when observers expected the continu-
ous reproduction of orientation, manipulated by havingmore
analogue report relative to change detection trials within a
testing session, reproduction precision increased compared
to sessions in which the prevailing trial type was change
detection. In contrast, they did not find that expectation of
a change detection trial affected detection accuracy. It is
important to note that, compared to our study, Cohen-Dallal
et al. (2022) did not directly compare performance across
the two tasks. Rather, they focused on how expectations
about the upcoming trials affectmemory formation andmain-
tenance within each task separately. This study therefore
demonstrates that people engage in different encoding and
maintenance strategies across the two tasks when an upcom-
ing response method is somewhat but not fully predictable.

Besides rigorous quantitative comparison of the analogue
report and forced-choice methods employed in our study, a
less formal but still relevant test of methods’ comparability is
based on the ability to replicate effects across different meth-
ods. Recently, Hu et al. (2023) examined the replicability
of several phenomena demonstrated using discrete response
methods by using the analogue report task. In particular, they
identified the recency effect with the sequential presentation,
prioritization of items within an array, and distractor effects
(i.e. suffix interference) in visual working memory as basic
phenomena of interest. Across two experiments using ana-
logue report of orientation, they replicated all main findings
previously observed with discrete response methods: better
recall of the most recently presented item, better recall of
prioritized items compared to other items, and a disruptive
effect of a distracting object. This study adds to evidence
accumulated over recent years on the replicability of clas-
sical psychophysical findings with the analogue report task
(Bays et al., 2024; Luck & Vogel, 2013; Oberauer et al.,
2018), suggesting the convergence of analogue report and
discrete response methods.

Given the widespread popularity of using colour as a stim-
ulus feature in the analogue report task,we also chose to focus
on it in the current study. Some of the findings presented here,
such as the effect of set size and information maintenance,
have been previously demonstrated for other visual features
(e.g. Tomić and Bays 2024b; also see Bays et al. 2024 for
a review). In fact, the analogue report task has been exten-
sively employed with various features, including orientation,
angular location,motion direction, spatial frequency, abstract
shapes, and can in principle be used with any other feature
that allows for fine adjustments. While some of the results
presented here are inherently tied to colour as a feature (e.g.
the effects of saturation), most of our observations (e.g. roles
of motor error and decision criterion) are expected to be gen-
eral across other stimulus features employed in the analogue
report task.

Similarly, in the present study, observers used a computer
mouse to select the remembered colour, however, other stud-
ies employing continuous response tasks utilized different
methods to collect responses, such as response dial adjust-
ments (e.g. Schneegans & Bays, 2017), keyboard presses
(e.g. van den Berg et al., 2012), ballistic finger movements
or “swipes” (e.g. Schneegans and Bays 2016; Tomić and
Bays 2024a), trackball adjustments (e.g. Töpfer et al., 2022).
Because these different response methods require distinct
motor actions, they could theoretically lead to varying lev-
els of response variability (Menozzi et al., 2016). To the
extent that observations using these methods largely mirror
those made using mouse clicks, our current findings can be
expected to generalize to them, however we leave systematic
comparison of response methods for a future study.
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